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¥
We give an overview of statistical models used @adcientists for prediction and inference. With
the rapid developments in internet technology, gans, financial risk modeling, and other high-tech

industries, we rely increasingly more on data asialgnd statistical models to exploit the vast
amounts of data at our fingertips.

We then focus on two important classes of tools.vidde data, we have a closer look at the lasso and
its relatives, and for tall data random forests laodsting.

Most of the material can be found in “An Introdwuctito Statistical Learning, with Applications in R”
by Gareth James, Daniela Witten, Trevor HastieRwidert Tibshirani (Springer, 2013), which is also
available free in pdf format frommttp://web.stanford.edu/~hastie/local.ftp/Sprinti&rR_print6.pdf




